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Abstract: In recent years, the deployment of Unmanned Aerial Vehicles (UAVs) equipped with Mobile Edge
Computing (MEC) servers to provide computing services for ground users has become an emerging method.
Considering an UAV-assisted MEC system with multi-users, a scheme is investigated to minimize the average
energy consumption for all users to complete their computation tasks via optimizing the trajectory of UAV and
computation strategies of the users during the UAV’s whole flight duration. A Deep Reinforcement Learning
(DRL)-based Soft Actor-Critic (SAC) algorithm is proposed to tackle the energy consumption optimization
problem. With the iteration of the network training procedure, the best action is obtained according to the
maximum entropy rule, which does not neglect any action with high reward value and thus can enhance the
exploration and convergence performance of the proposed algorithm. Simulation results reveal that the proposed
SAC algorithm can effectively decrease the average energy consumption of all users and achieves better stability
and convergence performance, as compared to some existing baseline algorithms.
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